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Abstract

We analyze an iterative procedure for solving nonlinear algebraic systems arising from the discretization
of nonlinear, non-steady reaction-convection-diffusion equations with non-constant (and, in general,
nonlinear) velocity terms. The basic idea underlying the procedure consists in lagging the diffusion
and the velocity terms of the discretized system, which is thus partly linearized. After analyzing the
discretized system and proving some results on the monotonicity of the operators and on the uniqueness
of the solution, we prove sufficient conditions that ensure the convergence of this lagged method. We also
describe the inner iteration and show how the weakly nonlinear systems arising at each lagged iteration
can be solved efficiently. Finally, we analyze numerically the entire solution process by several numerical
experiments.
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1 Introduction

In many important problems and applications, it is often necessary to solve systems of nonlinear algebraic
equations
F(u) =0,

where F : 2 € R™ — R" is a continuously differentiable mapping and u € R™ is the unknown vector. These
systems can arise, for instance, from the discretization of a differential operator by finite differences or by
finite elements schemes. In these cases, the systems are usually large and the Jacobian matrix is often not
available or hard to compute.

In this and in other situations where a strong nonlinearity is present, methods relying on a linearization
of nonlinear terms can be of interest. For instance, in the context of denoising in image analysis (e.g. see [15]
and [2]), a lagged diffusivity fized point iteration was introduced in [2I]. As the name suggests, in this study
the diffusivity term was linearized by “lagging” its dependence on u. The convergence of this procedure in
this field has then been analyzed in [3].

While these papers focused on the specific field of image restoration (and on specific forms of diffusivity, like
that of Perona-Malik [I3]), more recent contributions have proposed the lagged diffusivity method for solving
systems descending from entire classes of diffusion problems. Several cases have been analyzed, providing
proofs of the convergence of the procedure under some smoothness assumptions. The main advantage of
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these techniques is that, at each lagging iteration, they linearize (al least partially) the nonlinear algebraic
system, thus simplifying the computation of its Jacobian matrix. The most recent contribution [11] dealt
with systems arising from general non-steady diffusion equations containing reaction and convection terms as
well. The reader is referred to [11] also for a review of other papers on this topic.

In this paper, we proceed along this line of thought, but we consider a yet more general case. Indeed,
none of the existing papers on this topic analyzed the case of convection with a non-constant velocity term.
We, on the other hand, aim at solving systems arising from general non-steady diffusion equations with
nonlinear velocity terms. This is actually a really interesting situation, which can occur in several practical
problems. Moreover, this generalization is interesting also on a mathematical perspective, since it deeply
modifies both the properties of the discretized system and the convergence of the algorithm. Indeed, in the
general nonlinear case, the very idea underlying the lagged procedure must be changed since also the velocity
term has to be lagged if v depends on u. Finally, a non-constant velocity term also modifies the existence
of the solution and the monotonicity of F(u), since terms that disappear in case of constant ¥ cannot be
eliminated anymore.

We take into account all these issues and analyze a lagged procedure applied to the system F(u) = 0,
where F'(u) arises from a finite difference discretization of a non-steady reaction-convection-diffusion equation
with nonlinear velocity terms. As mentioned earlier, in this procedure both diffusivity and velocity terms
are lagged. This means that, starting from an initial iterate «(?), we compute the next iterate u(') as the
solution of the weakly nonlinear algebraic system where diffusivity and velocity are evaluated at u = u(®).
Then, in the following iteration, u") is used to evaluate the diffusivity and the velocity terms, allowing us to
find the new iterate u(?), and so on until a stopping criterion is satisfied. Notwithstanding also the velocity
term is lagged, we still refer to this procedure as the Lagged Diffusivity Method (LDM) for uniformity with
previous works.

We also prove that, when some assumptions hold, F'(u) is monotone, the solution of the nonlinear algebraic
system F'(u) = 0 is unique and the LDM converges. We focus our analysis on the more general non-steady
case, but we provide a few remarks on the stationary case as well.

Then, on a more operational point of view, we illustrate how to choose starting vectors and tolerances
of all the iterative procedures in an efficient way. This is of fundamental importance in order to achieve a
fast implementation, since we have to carry out three nested iterative procedures at each time level. Indeed,
the lagging procedure transforms the nonlinear system into a sequence of weakly nonlinear systems, each of
which is solved, in this paper, by the simplified Newton’s method, which, in turn, requires solving a linear
system at each iteration, for example by an iterative linear solver. Finally, we introduce several numerical
experiments to study the behavior of the algorithm as the velocity term, the inner linear solver or other
parameters of the procedure are changed.

The paper is structured as follows. In Section 2 we introduce some assumptions on the smoothness of the
involved functions and describe the discretization of the differential problem, illustrating how F'(u) is made.

After some initial remarks, in Section 3 we then prove some lemmas needed in the successive analysis,
devoting particular attention to the analysis of terms dependent on ©. We then characterize the existence of
at least a solution to F'(u) = 0. Lastly, we prove that, under some hypotheses, F'(u) is monotone and that
the solution of F'(u) = 0 is unique.

Then, in Section 4 we describe the LDM and prove the convergence of the procedure. We also provide a
few remarks on the application of the method to stationary problems.

In Section 5 we describe the solution process, describing how we solve the weakly nonlinear systems arising
at each iteration of the LDM and how starting vectors and tolerances of all the iterative procedures can be
chosen efficiently. The resulting algorithm is reported in Appendix.

Finally, Section 6 is devoted to the numerical experiments and Section 7 concludes this work.



2 The differential problem and finite difference discretization

Consider the general non-steady reaction-convection-diffusion equation. In a two-dimensional diffusion
medium 2 with boundary 92 and closure €2, the differential problem reads

%ZV'(UVU)f’ZJ'VU7OLU7Q+S (x,y) € Q,t> 1
U(I’,y,to) = uo(a:,y) (’Jl,y) € Qa t=1t 2 0 (1)
U(Ivyat) = ul(xayvt) (Jf,y) € 697 t> tO

where tg is the initial time, u = u(z,y,t) is the density function, o = o(z,y,u) > 0 is the diffusion coefficient,
v = 0(x,y,u,t) is the velocity vector, « = a(x,y) > 0 is the absorption term, —g = —g(x, y, u) is the rate of
change of the reaction and s = s(z,y) is the source term.

Let (z,y) €  and let 4 be in a neighborhood of a solution. We assume that the following smoothness
assumptions hold.

1. The functions « and s are continuous in their variables and ¢ and g are continuous in % and continuously
differentiable in (z,y);

2. there exist two positive constants oy and omax such that 0 < oy < 0(2,y, 4) < Omax (0 uniformly
bounded in z,y and 4). Moreover, a(z,y) > min > 0;

3. for fixed (z,y) € Q, o is locally Lipschitz continuous in @ (uniformly in x,y) with constant A > 0;

4. for fixed (z,y) € Q, the function g is continuously differentiable in @& and uniformly monotone in @
(uniformly in z,y) with constant ¢ > 0 [I4] p. 30].

These are the standard smoothness assumptions which are considered also when the velocity term is constant.
However, if © = (91, 72)7 is variable, we need to add some assumptions on the smoothness of ¥ as well. These
assumptions reflect those made on o. Indeed, in the general, nonlinear case, v is lagged like the diffusivity
term and similar assumptions are thus needed in the following analysis. We then require that:

5. the functions ©; and 75 are continuous in their variables;

6. there exist two positive constants o1 and U9 We call

Umax = max<v1111ax7 v2max);

. . such that |01| < 01, and |0g] < 0o, -

7. for fixed (z,y) € Q, ¥, and ¥ are locally Lipschitz continuous in 4 (uniformly in z,y) with constant
Ag, > 0 and Ay, > 0 respectively. We call Ag := max(Ag,, Ag,)-

2.1 Space discretization

For simplicity, let  be a 2D bounded rectangular domain. Let us superimpose to € a grid €, = Qj U 99, of
mesh points (z;,y;), ¢ =0,...,N+1,j=0,...,M + 1, defined by

$i+1:Ii+h, ZZO)aN y]+1:yJ+h .j:O)"'aMa

where h is the mesh size along x and y (considered uniform).

Space discretization is performed by approximating the space derivatives in by finite difference methods.
Committing a discretization error O(h?) and denoting by w; ;(t) the grid function that approximates the
solution u(z;,y;,t) at the mesh points (z;,y;) of Qn, i =0,...,N+1,j=0,..., M + 1, the right hand side
of can be written as

Aglo(zi, yj, 5 (1) Vaui; (8)] + Aylo (@i, s, wi () Vyus j (£)] — 01 (@i, y5, w5 (), 1) 05w, 5 (t)—
— Vo(@i, Yy, w5 (1), £)0yus j (1) — a(ws, y;)wij(t) — g(@s, yj,wi (L)) + s(xi, y5,t),

(2)



where we denote forward finite differences (in 2 and in y respectively) by A, A, backward finite differences

by V., V, and central finite differences by d,, §,. For compactness of notation, in the following we also

denote 0'(.131‘, Yi, uw'(t)) by O'(U,‘J), 1~)1 (xi, Yj, Ui, (f), t) by 1~}1 (um, t) and @2(331‘, Yj, Ui (t), t) by ﬁg(uw', t).
Equation can then be easily written as

Bijuij—1(t) + Lijui—1,5(t) — Dy jui j(t) + Rijuigr ;(t) + Tijui g1 (t) — g(@i, vz, ui(8) + s(@i,y5,1), (3)
where
Lij=Lij+Lij, Bij=Bij+Bij, Rij=Rij+Ri;, Tij=T,;+T,; Dij=Di;+ Dy
with
1 1 1 1
L;;= ﬁa(uz‘,g‘% B, ;= ﬁa(uz',j)’ R; ;= ﬁa(ui-&-l,j): T,; = ﬁa(uid-ﬁ-l)a D;;=1Lij+Bi;+Ri;+T;,

Li’j = %, Bi,j = W, Ri}j = —Li,j Ti’j = —Bi’j, Di’j = a(mi,yj).

We can write more conveniently in matrix form. In this regard, we order the mesh points Py = (z;,9;),
i=1,...,N,j=1,..., M, by row lexicographic ordering (i.e. k= (j—1)N+i,fori=1,...,N,j=1,..., M)
and write the vector w(t) containing all the u; ;(t) at internal mesh points. For compactness, we also define
w=NM.

We then write the first five terms of (3]) as a matrix-vector product —A(wu(t))w(t) plus a vector b(u(t)) € R
which contains terms coming from the Dirichlet boundary conditions. In particular, A(w(t)) € R*** is a block
tridiagonal matrix. The M diagonal blocks are tridiagonal matrices of order N of elements {—IA/Z i ﬁz i —Ri’j}.
Its lower- and upper-diagonal blocks are instead diagonal and are made of the elements {—B; ;} and {7} ,},
respectively. Moreover, it is irreducible and, if

20 (uij) 204 j(wi;)
|01 (i g, t)|" |02 (i g, t)]

holds, it is irreducibly diagonally dominant [20, p.23] with positive diagonal elements and non positive
off-diagonal elements. In this case, A(u(t)) is, thus, a non-singular M-matrix [20, p.91]. The vector b(u(t))
can instead be easily obtained by applying the boundary conditions to the terms depending on w(t) in .

Regarding the other terms, we collect reaction terms in the nonlinear mapping G(u) € R* of components
Gir(u) = Gg(ug) = g(xs, yj,ux), withi =1,...,N, j=1,...,M and k = (j — 1) N +4. The mapping G(u) is
diagonal [12] p. 11] since its k-th component, k = 1,..., u, depends (in w) only on the k-th component uy of
u. Finally, we write source terms in the vector s(¢) € R* of components s (t) = s(x;,y;,t), withi =1,..., N,
j=1,...,M and k= (j — 1)N +.

We thus write fori=1,...,N,j7=1,..., M in the form

—A(u(t))u(t) + bu(t)) — G(u(t)) + s(t) (5)
and is replaced by the system of ordinary differential equations

d%(tt) = —A(u(t))u(t) + b(u(t)) — G(u(t)) + s(t)

u(x7yat0) = uo(x,y), (J:,y) € Q

h < min{ } , Yz, y5) € Qp (4)

(6)

2.2 Time discretization

Passing to time discretization, let us introduce a time spacing At and define a series of time levels ¢,, = nAt+t,
n=0,1,.... Calling s := s(t,) and denoting by u" the approximation of w(t,,) solution of @ at t =t,, we
write the well-known §-method (e.g. see [6])
un—l—l —un
U =0 [ A b - G ] 4

+(1—0) [-A(u")u" + b(u") — G(u") + s"],

(7)



for n =0,1,... and with 0 < # < 1. In particular, in the following we consider an implicit time discretization
(hence, we consider cases where § # 0). The use of an explicit scheme would, indeed, easily require an
extremely short time step. For instance, it is easy to verify that the problems later analyzed in the numerical
experiments would need a time-step as small as At = 1076 for the explicit method to converge. This, of
course, greatly reduces efficiency. The advantages of an implicit time discretization come, however, at the
cost of a nonlinearity in the discretized system, which we will later handle by the lagging procedure.

Let us then write more compactly the nonlinear system arising from the discretization. Calling I the
1 % p identity matrix, we collect the known terms in a vector w = w” € R* defined as

w=[I—At(1 — ) A(u")]u™ + At(1 — 0) [b(u") — G(u™)] + At [#s" T + (1 — 6)s"] .
At each time level n = 0,1, ..., the vector u™*! is thus given by the solution of the nonlinear algebraic system

F(u)=[1+7A(u)]u—7bu)— Gu)] —w=0, (8)
where 7 := 6At.

3 Uniform monotonicity of F(u) and uniqueness of the solution of
F(u)=0

Thus, in we obtained the nonlinear algebraic system F(u) = 0 that we aim to solve by the lagged
diffusivity method. In the first part of this section, we assume that a solution exists and introduce some
preliminary lemmas used in the following. We then better characterize the existence of at least one solution
by exploiting the smoothness assumptions at the beginning of Section 2. Lastly, we study the monotonicity
of the operator F(u) and the uniqueness of the solution of F(u) = 0.

3.1 Initial remarks

It is convenient to split the matrix A(w) in
A(u) = Ay (u) + A(u) + D

where A;(u) is a block tridiagonal matrix of row elements {—B; j, —Li j, D; j, —R; ;j, —T; ;} with the same

structure as A(u) and D is the diagonal matrix of diagonal elements {D; ;}. Finally, A(u) is the block

trldlagonal matrix whose lower- and upper-diagonal blocks are diagonal matrices of the elements { Bl gt

and {—T; ;}, respectively. Tts diagonal blocks are instead tridiagonal matrices of elements {—L; ;,0 R;;}.
We then further split A;(u) and A(u) in

Ay(u) = Af(u) + A (w)  A(u) = A (u) + AY(u)

where A% (u) and A*(u) are block diagonal matrices whose diagonal blocks are tridiagonal with row elements
{=Li;, Df;,—Ri;} (with DY, = L; ; + R; ;) and {~L;;,0,R; ;} respectively. AY(u) is the block tridiagonal
matrix where the sub-, main and super-diagonal blocks are diagonal matrices of diagonal elements —B; ;,
DY, and —T; j respectively, with D}, = B; ; + T; j. Finally, AY(u) has the same structure of AY(u) and the
diagonal matrices have diagonal elements —-B; 4> 0 and -7 ;j respectively.

Tt is useful to split also b(u) in a similar way. We thus write

b(u) = bi(u) + b(uw),

where by (u) and b(u) contain, respectively, terms dependent on the diffusivity and on the velocity term. We
then further split these two vectors in

o’

bi(u) = bf(u) +bY(u),  blu)=b" (u)+b(u)



where b%(u) and b" (u) contain the contributions u1(zo,y5,t) and uy(xn41,95,t), j = 1,..., M and b{(u)

and By(u) contain the contributions u; (i, yo,t) and uy(vi, yasrs1,t), i =1,..., N.
Finally, given two grid functions u, v in Qj, in the following we make use also of the I5(€,) discrete inner
product
N M
(w,0) = h*> > i v
i=1 j=1
and of its associated norm || - ||.

3.2 Preliminary lemmas on A(u)

Lemma 1. Let {u;;}, {vi;} and {w;;} be three grid functions defined at mesh points (z;,y;) of a grid
Qp, 1 =0,..N+1, j=0,..,M+1, and satisfying the Dirichlet boundary conditions u; ; = ui(z;,y;,1t)
V(zi,y;5) € 00, and t > 0. Then:

N M
</~1(u) W — B(u), ’U> = ]’L2 Z Z Vi, j [171 (ui7j)6wwi7j + 172 (ui,j)éywi7j] . (9)
i=1j=1
Proof. Let us split the inner product in <f~l(u) cw — B(u), v) = (121"”( ) w ( ), v) + <A’/( ) w— By(u), v).
By definition of discrete I5(€) inner product and by the form of A®(w ) and of b" (u), with simple algebraic
passages we find

</~1x( ) w — b > = h2ZZ ( uz’j Wi;—1,5 + ﬁlgzd)wiﬂ,j) Vi, j-

i=1 j=1

Then, collecting terms, by definition of central finite-difference quotients we get

M N
<f~1””(u) cw — lN)T(u)7v> =h? ZZﬁl(uumwzﬂ%}lw%l])v” =h? ZZUl (u4,5) 02 (w; 5)vi ;.

j=14i=1 j=11i=1

We find a similar relationship by proceeding analogously for the term containing AY. Using these results in
@D and collecting terms, we finally prove the lemma. O

Corollary 1. FEzxpressions analogous to (@ can be obtained also when v; ; satisfies homogeneous Dirichlet
boundary conditions for (A(u) - w — b(w),v) and for (A(u) - v,v).

Proof. The proofs follow Lemma without relevant modifications. Regarding (A(u) - v, v), however, we also
need to consider that, since v is null on 9€,, we have

M N-1 M N M N N
U1 (wi,j)Vig1,j = E E 01 (Wi, )Vit1,55 E E 01 (wij)vie1,j = E E (Ui 5)vi-1,5
j=1 i=1 j=1i=1 J=1i=2 J=1i=1
and analogous expressions for terms in s (u; ;)v; j+1. O

Lemma 2. Let {u;;} be a grid function defined at mesh points (z;,y;) of a grid Qp, i = 0,...,N + 1,
j=0,...,M+1, such that {u; ;} satisfies the Dirichlet boundary conditions u; j = u1(x;,y;,t) ¥V(xi, y;) € 0Q
and t > 0. Moreover, let the backward difference quotients Vyu;; and Vyu,; ; be bounded. Then, denoting by
Umax the bound on the velocity variable (see point 6, Section 2),

~ B . 3 ’Umax M N+1 2 N M+1
(At ) > =Tl = S5 (Vo4 Y S (ws?] (0
j=1 1i=1 =1 j=1



Proof. By 6yu; ; = (Vauiy1,j + Vau; ;) /2 (and similarly for d,u; ;), we can write

N M

<A(U) U — B(u), U> :h2 Z Z ui,j [’[)1 (uiyj)éxui’j + ﬁg(uivj)éyui’j}
=1 j=1
h2 N M

=5 DD uiy [171(%' i) (quzﬂ it Vmum) + U2(ui 5) (Vyui,jﬂ + vyui,j):| <

i=1 j:l

ZZ DUMHUI Ui,;) (‘V uH‘l;]’ + ‘V u”‘) + |ui ;1|02 (ui,5) (‘V “m+1’ + ‘V u”’)].
=1 j=1
By the boundedness of © and by the inequality ab < (a? + b2)/2 with a,b real numbers, we can further
evaluate

1 7 h{)max NI
<A(u) U — b(u),u> <T Z Z |:4|u7;_’j|2 + h2|VIui+1’j}2 + h2|Vmui,j‘2 + h2|Vyui’j+1‘2 + h2|Vyui,j‘2}

< <
i=1 j—l
h o M N+1 N M+1
<h'Umax Z Z |u77]|2 —= |:Z (v'ruz,j)z + Z Z (Vyum)ﬂ
=1 j=1 j=1 =1 =1 j=1

Changing sign to the right-hand side of the equation and by definition of ||u||;, norm, we finally prove the
lemma. O

3.3 Existence of at least one solution to the discretized system

We now introduce a sufficient condition for the existence of at least one solution to the discretized system .
We notice that we can put ourselves in this condition by a suitable choice of the discretization parameters h
and 7.

Theorem 1. Let {u; ;} be a grid function defined at mesh points (xi,y;) of a grid Qp, i = 0,...,N + 1,
J=0,...,M+1, such that {u; ;} satisfies the Dirichlet boundary conditions u; ; = u1(x;, y;, t)V(xi, y;) € O,
and t > 0. Moreover, let the backward difference quotients Vu; ; and Vyu; ; be bounded and let owmin, Umax
and amin be the bounds on diffusivity, velocity and absorption terms defined at the beginning of Section 2. If

1 max

h < 20min/Umax and - + Qiin + € > W

then there exists at least one solution to system , Furthermore, all solutions belong to a ball of radius p
with

_ 7IG©)n + [lwlls

1-— L;‘“‘ + Tamin + 7C
Proof. Let us consider (F(u),u). We can write

(F(u),u) = (I + rA(w)]u - 7 [b(u) - G(u)] —w,u) =
= (u,u) + 7(A(uw)u — b(u),u) + 7(G(u) — G(0),u) + (tG(0) — w, u)

where ~ ~ R
(A(u)u — b(u),u) = (A1 (u)u — by (u),u) + (Au — b(u), u) + (Du,u).
Many of these terms can be easily evaluated. Indeed, (u,u) = ||u||? by definition, and
<Du u - h2 Z Zazdulj = amin”“’”%
=1 j=1



by the lower bound and the non-negativity of a. Moreover,
(G(u) — G(0),u) > c|lul];
by the uniform monotonicity of g in u and
(r1G(0) —w,u) = 7(G(0),u) — (w,u) = —7[|G(0)|[nl|ulln — [[w]lnw]n

by the Cauchy-Schwarz inequality.
Regarding the other terms, we instead rely on other evaluations. Thus, by [IT, Lemma 1], we easily find

M N+1 N M+1
(Ar () - w — b)) > K20 [Z S (Vo243 S <vyui,j>2} 7
=1 i=1 i=1 j=1

while Lemma [2] directly provides

M N+1 N M+1

1 7 ﬁmax h Umax
(At b)) = ==l = SN (g3 Y (T2
j=1 i=1 i=1 j=1
Therefore, combining all these evaluations,
-5 135 M N+1 N M+1
(F(w), ) llulf — Z50 4 (W20 - m")[Z > (Vauig)® + 303 (Vyuig) ]
j=1 i=1 i=1 j=1

+ Tamin|ul; + cllulli = 7IGO)|nwlln — [wlallus-

Since h < 20min/Omax by hypothesis, omin — hMmax/2 > 0 and we can further evaluate from above by
canceling out the term with backward quotients. We also notice that this condition on the step h of the space
discretization implies that condition is satisfied as well and A(w) is then an M-matrix.

Collecting ||ul|p, we finally have

7-’Ul"ﬂaX

|wlln + Taminllwlln + cllulln — 7[|G(0)||n — Hw||h) [|wlln

(F(w), ) = ([[ulln -
and, since the second hypothesis implies 1 — 70max/h + T@min + 7¢ > 0,

TG(O) 1+ [
1-— Lg“ + TQmin + TC

llwlln, > p = implies (F(u),u) > 0.
This evidently means that no solution to F'(u) = 0 can lie outside {u | |ul/n < p}.
The existence of at least one solution follows then by [8, Lemma 4.3]. Another proof, based on the

invariance of the degree of a mapping under a homotopy [12], p. 156, is provided in [9] Theorem 2.1], which
considers that (H (u,d),u) > 0 when ||u||, > p for all ¢ in [0,1], where H(u,d) = 6F(u) + (1 — d)u. O

The condition h < 20min/Umax, often implying h small, is evidently in competition with the condition
1 — TOmax/h + Tamin + 7¢ > 0, which is harder to satisfy as h gets smaller. It is however important to notice
that a small step in the space grid can be compensated by an equally small step in time. Thus, in line of
principle, both conditions can always be satisfied by acting on the size of space and time grids.

Finally, it is also possible to provide a bound to the backward difference quotients of a solution of at
each mesh point (z;,y;) € Q by proceeding similarly to [9, Lemma 2.2]. We denote this bound by 3. It is
then convenient to define the ball B, g to which all solutions must belong.

Definition 1. Let u : Q;, — R be a grid function satisfying the Dirichlet boundary conditions on 9, for
t >ty and let the hypotheses of Theorem |I| be satisfied. We say that u belongs to B, g if

lulln < p (11)
Vauij| < B, |Vyui;| <8, fori=1,...,N,j=1,...,M. (12)



3.4 Monotonicity analysis

Before studying the monotonicity of F(u) we need a last lemma, which relies on the bound 8 to the finite
difference quotients of the grid functions in B, 3.

Lemma 3. Let u, v and w be three grid functions belonging to B, 3. Then,

((Aw) = Aw)) v = bw) + b(w),u — v)| < B [u— v]* + u - w]?]. (13)
Proof. Since u — v is null on the boundary, we can apply Corollary [I] with w — v instead of v. We have
<(f~1(u) - fl(w)) v —b(u) + b(w),u — 'v> = </~1(u) v —b(u),u — v> - <f1('w) v — b(w),u — 'u> =
N M
=02 Y7 S { (11 = i) [0 (00) B (i) = 51 w3)) + 8y (01,) (P (s ) = Ba(wi )] }
i=1j=1
Therefore, by the triangle inequality,
[((A(w) = Aw)) - v — b(u) + blw), u - v)| <
M
<h® 33 { g = vigl [ 18001 51 (1i5) = (w3 )| + 16,01, [P2ui ) = a(wi)] ] } -
i=1 j=1
Next, by definition of backward and central finite-difference quotients and by boundedness of backward
finite-difference quotients in B, 5, we can write

1 1
02055 = ‘Q(VIUHLJ‘ + Vi) < S (IVavisrg| + [Vavigl) < B.

Furthermore, by Lipschitz continuity of every component of the velocity vector v, we have
|01 (ui,5) = 01 (wi )| < A Jui g — wij| < Aglui; — wiy).

Identical evaluations apply, respectively, to |[d,v; ;| and to |[D2(u; ;) — D2 (w; ;)|
Therefore, combining these results,

[((A(w) = Aw)) - v — blu) + blw), u — )| <
M N M
§h2ZZ{\UzJ V3 4] {ﬂA lui j — wi | + BAz|ui,; —wi,j\]} = ZhQ,BAﬁZZWM — v 4] |uij — wi
i=1 j=1 i=1 j=1
Since, for a, b real numbers, ab < (a? + b?)/2, we finally get

N M

)<(A(u>—A(w>)-v—B(u>+b( ), —v>‘<h2ﬂA SO Juig - vigl? + B84, ZZ\UH w2,

i=1 j=1 =1 j=1

which, by definition of discrete l5(€2;,) norm, becomes:

[((Aw) = A(w)) - v = b(w) + b(w),u— v)| < BAs[llu = ]2 + u - w]?].



Theorem 2. Let u* € B, g be a solution of the nonlinear system F(u) = 0. If

2A2 ~rl"la)(
p 4 Ymax 4 ogp (14)

2Crmin - hvmax h

2 min 1
h < ~U and Qmin + — +¢>
T

vmax

then F(u) is uniformly monotone in B, g and the solution u* of 1S unique.

Proof. To prove that F(u) is uniformly monotone in B, 3, we must show that there exists a positive scalar
satisfying
(F(u) — F(v),u —v) >y(u—v,u—v) Yu,vebB,s. (15)

To this end, let us analyze (F(u) — F(v),u — v). By the definition of F(u) in (§), adding and subtracting
A(u)v and rearranging terms, we can write

L (P(u) ~ F),u—v) =

- <(A(u) + i) (20— ), — 'v> + ((A(w) — A(w))w — blu) +b(v) + G(w) ~ Glv).u—v).
By the splittings of A(u) and of A(v), the right-hand side of the previous equation becomes
(Ay(u)(w—v),u—v) + <<D+ i) (u - v),u— v> + {(A1(w) = A1 (0))0 — by () + by (v),u — v )+
+(Aw)(w - v),u—v) + (Aw) - A0))v — b(w) + b(v), u —v) + (G(u) - G(v),u —v).

We can make evaluations analogous to those in Theorem [1| for most of these terms, obtaining:

M N+1 N M+1
o (Ai(u)- (w=v).u—v) > homin |50 S (Valuig —vig))? + X0 DP9, (i = vi))?) 5
° <(l~) + f) (u—v),u— v> > (amin + 1) lu—v||7;

. <G(u) —Gv),u— v> > cllu — vlf2.

Proceeding as in Lemma [2| and by Lemma |[3| we then have, respectively

y P B35 M N+1 N M+1
(Aw)(u—v),u—v) > =B u— v} = 225 8373 V(i = i) P+ Y0 Y [V — i)
j=1 i=1 i=1 j=1

((A(u) = A@w))w = blu) + b(v),u—v) > =B |Ju— v + [lu = v|[2] = ~28A; [u— o]

Lastly, proceeding as in [I1, Theorem 1], we obtain

h2BA M N+1 M+1
<(A1(u)*141(v)) '”*b(u)+b(v)7u*v> > — 62 0 SO IValuig —vi )P+ DD IV (uiy — i)l
j=1 i=1 i=1 j=1
A
-2 - wl,

where ¢ is an arbitrary positive parameter.
Thus, considering all previous inequalities and collecting terms, we can write

1 ) h,QBA(b h3’(7max M N+1 ) N M+1 )
—(F(u) ~ F(v),u~v) 2 (h Tmin = —5— ~ ) SO (Valwig = i)+ YD (Vyluij —vij))
j=1 i=1 i=1 j=1
1 ﬁA 6max 2
+ <am1n + ; - ? - T - QBAU +C> ”u*th'

10



Since ¢ is an arbitrary, positive parameter, we now choose it in a suitable way. In particular, we choose

1
:72min_ ~max7
6= 5 20min — i)

which implies
B2BAG  Wmae
2 2

We here exploit that ¢ is positive by the hypothesis h < 20min /Umax, which implies 201min — AUmax > 0. With
this choice of ¢, we get

2
h Omin —

1 1 272 0]
(F(u) — F(v),u —v) > <amin+— p _ Umax —2BA5+C) Hu—vHi
T

T 20 min — MUmax h

Thus, we have obtained an equation in the form of and monotonicity holds if

]‘ 62A2 @max
= min - - - - -2 Af)
" (a + T 20min — PMUmax h Pho+c

is larger than zero. This happens when

2A2 ~
ﬁ +vmax+2BA{”

1
Qi —+c>
min ¥ T * 2Umin - hﬁmax h

proving the first part of the theorem.
The uniqueness of the solution follows then directly. Indeed, suppose that two distinct solutions u* and
to the system F(u) = 0 exist in B, 3. We would have

(F(u") — F(@),u" — ) > ][u’ — a2 > 0 for u* £,
contradicting F(u*) = F(4) = 0. O

As a final remark, we also notice that the monotonicity conditions mirror those in Theorem[I] In particular,
if the monotonicity conditions are satisfied, the conditions of Theorem [I| are satisfied as well. Then, Theorem
can also be seen as a sufficient condition for the existence and the uniqueness of the solution.

4 The lagged diffusivity method and convergence analysis

4.1 The lagged diffusivity method

The basic idea of the method consists in linearizing by setting up an iterative procedure where diffusivity
and velocity are lagged. In order to do this, chosen a starting vector w(?), at the (v + 1)-th iteration we
consider the diffusivity and the velocity terms dependent on the solution w at the v-th iteration, w(*). This
means that, at each lagged iteration, instead of having the nonlinear terms A(u) and b(u), we have A(u())
and b(u™). A weak nonlinearity is, however, still present due to the nonlinear mapping G(u).

Hence, we compute the new iterate u(**1) as the solution of the weakly nonlinear system

Fo(u) = [I n TA(u@))} w—T [b(u@)) - G(u)] —w=0. (16)

Here, I + 7A(w) is certainly nonsingular Yu € R* if condition is satisfied, since it implies that A(u) is a
nonsingular M-matrix.
System can be solved approximately by an iterative method. The lagged iterate is accepted when

the residual
Fy () = [T+ rA@®)] u®) - 7 [b®) - Gu*V)] - w (17)

11



satisfies a stopping criterion
P D) < e, (18)

where || - || denotes the Euclidean norm and e, is a given tolerance such that ¢, — 0 for v — co. In the
following, we refer to as lagged acceptability condition. When it is satisfied, we find w(**1) and the outer
iteration can be restarted: the computed u(**V is used to evaluate diffusivity and velocity to find u(**2) by
the new lagged iteration, and so on.

In the following, we choose the solution at the previous time level as starting vector of the lagged diffusivity
method, which is we set u(®) = 4" to initialize the LDM iteration at the (n + 1)-th time level. At the first
time level, we instead use the initial condition. Tolerances are then defined starting from the norm of the
initial residual, || F(u(9)||. Indeed, we define ¢; by multiplying the initial residual by a positive constant
smaller than 1, e.g.

er = 0.1 F(u)],

and we build a sequence of €,41, v = 1,2, ... such that ¢, — 0 for v — co simply by setting

€v
ey_,_l:?, v=12,....

The lagged diffusivity procedure is then stopped when
€v+1 S € (19)

is satisfied, where € is a given tolerance. As a consequence of computing €, 11 by halving €; v times, condition
(19) is satisfied after
€1
v*=llo (—ﬂ
[ $2\%

iterations, where [-] denotes the ceiling function.

4.2 Convergence analysis

We now analyze the convergence of the algorithm presented in the previous subsection. In this regard, let us
first better characterize the solutions of the weakly nonlinear systems arising at each lagged iteration. In
particular, if we solve inexactly, the approximate solution u**1) solves

F,(u)=r®  with |r@)) < eqq,

where 1) .= F,(u(**t1) is the residual at the (v + 1)-th iteration.
Assuming that the hypotheses of Theorem [I| are satisfied, let us analyze (F,(u) — r®**1) u). We have

(F,(u) —r®*) w) = (u,u) + 7(A(u)u — b(u™), u) + 7(G(u) — G(0),u) + (tG(0) — w — ¥V u),

hence

Tvmax

(B () =, w) > (Jlulln = T2+ il + el = IG(O) [ — lwll = ¢ ) sl

where ||r®@+D ||, = hljr#*+Y|| < he,4 1. Then, if we define

_ TIGO)[n + lwln + hey i1
. 1_%+7amin+70 ,

Pr+1

we get (F,(u) —r®+) u) > 0 when ||u||, > p,41. Therefore, for all v = 0,1,..., the solution w1 of
F,(u) — r*1Y = 0 belongs to {u|||u||;, < py41}. It is also interesting to notice that p,,1 can be expressed
as

TIGO)[[n + [[w]n heyia

Pr+1 = 5 + 5 = p+ €u41p0,
1 — Fopax 7oy, +7¢ 1 — B9 + 7oy, + 7

12



1—%+hmmi,,+rc
forallv =0,1,....

Proceeding similarly with regard to the bound on backward difference quotients, it is possible to write
Bu+1 = B+ €,4100. We then have u*+1) ¢ By, 1,8, forv=0,1,....

Theorem 3. Let u* € B, 3 be the solution of the nonlinear system F(u) = 0 defined in with A(u)
non-singular and G(u) diagonal mapping. We assume that the smoothness conditions and the hypotheses of
Theorem[3 are satisfied.

Starting from an arbitrary u(®), let V) be the solution of system with residual F,(u V) satisfying
, with €, — 0 for v — co.

Then, the sequence {u*)} converges to u*.

Proof. Let us consider F'(u*) = 0 and the lagged acceptability condition , satisfied by u(*+1):

with pg :=

. This will be useful in the analysis of convergence and it implies that p < p,41

[1 + TA('u,*)}u* —r [b(u*) - G(u*)} —w=0;
[I + TA(u(”))}u(”“) - T[b(u(”)) - G(u(”*‘l))} —w=F,(u").

Then, let us subtract the second equation from the first one, divide by 7 and cancel out constant terms,
obtaining

Fy(u(y+1))

T

A= [T A b+ b))+ Glu) - Gl ) = -

At this point, we add and subtract the same term A(u*)u(”+1) and rearrange terms, similarly to what done
at the beginning of Theorem [2 If we then take the inner product of both sides with u* — u*t1 we get

1 1
< _ *F,j('u,(”'i_l),u* _ u(y+1)> :< [ + A('u,*):| (’u,* _ u(u+1)) + {A(u*) _ A('u,(”))} wtD) _ b(u*) + b(u(”))-l-
T T
+ Gu*) — Gu ) v — u(”+1)>.

Next, we consider the splittings of A(u) and of A(u*). The right-hand side of the previous equation thus
becomes

<A1(u*) (u* _ u(u+1)> - u(u+1)> n <[1(u*) (u* _ u(u+1)) L — u(y+1)> n
Jr<<D n i) (u* B u(u+1)) - u(u+1)> + <{A1(u ) — Ay (ul )} WD _ by () + by (u®), ut — u(u+1)>+

+([A) = A@®)] D = b(w) + b)), w — u ) 4+ (Gu") - Gl ), — ut D)

We can now use the previously introduced lemmas and theorems to evaluate all these terms. Thus, we find
that the previous expression is larger than or equal to

(1o~ 220 W) S35 o (it =) [0 sk

2

)

1 Omax v41A
+(amin+—v . —ﬂu+1Ag+c) Hu*—u(”l)Hh_ (ﬁ 4 Buris ) Hu —u® .
T

h ¢
where ¢ is an arbitrary, positive parameter. Choosing ¢ = m@amin — h¥max) (which is positive by the
hypothesis h < 20min/Tmax), the first term of the previous expression vanishes and we get

1 1 max
- <F(u(u+1))a u* — (V+1)> <am1n + = v n - ﬂl/-'rlAﬁ + C) -
T

e
(l*~+@4m0nwu@i.

2Umin - hvmax

13



We now rewrite the previous inequality by evaluating from above the term on the left-hand side. Since the
iterate w1 must satisfy condition and since it must belong to By, ., g,., (implying Hu* — vt H <
2pu41 since p < py41), we have

1

] < oo
h T

1 1
<_FV(U(V+1))aU* - u(l/+1)> g - €v41,

F(u®tD) H
; = R

| < 2pvt1
h T

.

hence

2pu+1 1 @max * (v+1) 12 1%—0—11&2 (v) 12
> . _ — B A wt —ul? - 48 A~ wt —ul? .
€1 = <am1n n v+14% C) H ”h 20 min — hﬁmax v+1440 H ||h

For compactness, let us then collect the coefficient of the first term of the right-hand side of the previous
inequality in
C = Qmin t+ l - Umax
T h
Using the relation 8,11 = 8+ €,4180 and comparing this equation with the definition of 7 in the monotonicity
condition, it can be noticed that 7 > 0 (which is satisfied by hypothesis) implies that also { is positive if

272
fo < - (6+ 16A> (20)

€v+1 Aﬁ 2O’min - h{}max

— Bup1s +c

holds true. Assumption is nonetheless plausible since the tolerance €, — 0 for v — oco. Therefore,
inequality is certainly satisfied from a certain lagging iteration. Moreover, operatively we could grant
that is satisfied also at the first lagging iterations by setting ¢ sufficiently small.

Thus assuming ¢ > 0, we can divide both sides by ¢ without changing sign to the inequality. Rearranging
terms, we get

2 2
> Hu* — u(”+1)H . (21)
h h

2p 1 2 A2
e, e (A = S N W H * )
TCE 1t < (20'min — himax ﬁ i wo

We can then make further considerations on (. Indeed, again remembering assumption and v > 0, we
have 242

2Umin - hvmax

1 vmax

C:amin"";_ n

= (B+ €v4180)As + ¢ > — BAs. (22)

Thus

C 2Umin - hvmax 2o—min - hvmax 2U—min - hvmax

Since €, — 0 for v — oo, we also have

1 2 A2 272 -1 2 A2
<1’+1_5V+1Aﬁ> <(ﬂ_5Aﬁ> (m_ﬁu—klA'D)-

62A2

2 A2 2A2
lim vt — Bus1As = lim (Bt ev+160)°A° =
2O'min - hvmax

v—00 20 min — hf/max v—00 20min — hﬁmax

— (B + €vr1B0)As — BA;.

So, since the inequality in holds in strict sense, we can assume that there exists an integer vy such that

1 2 A2
E <20‘V+—1h6 — 61/+1A/D> < ]. VV > Lg.
Thus, defining
L1 oA s 2p
Y= Z (20min — h’&max - ﬁerlAv) and C - ?Cv
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proceeding iteratively from a vy such that 4 < 1, by we get

u* —u

2 2 _
Hu* _u(D—H)Hh S’Ayr }L+CZ,A}/T_]€V0+J” r= 172"'" (23)
j=1

Finally, since ¢, — 0 for v — oo, by the Toeplitz lemma [12] p. 399] we have

2
lim ‘u* —u| =o.
v—00 h
Then, the sequence {u(*)} converges to the solution u* of the system F(u) = 0. O

Thus, the previous theorem proves the convergence of the method when it is applied to solving the
nonlinear systems arising from a finite-difference discretization of the differential problem . It is nonetheless
important to highlight that the lagged diffusivity method is applied to the discretized system, irrespectively
of the used discretization. Thus, it can be applied, in principle, also when other discretization techniques
(i.e. finite element or finite volume discretizations) are used. However, it is important to remark that the
presented proofs of convergence rely on monotonicity properties which FD operators satisfy.

4.3 Remarks on the stationary case

In case we are studying a steady reaction-convection-diffusion equation, discretization has to be performed
only along space. Using the finite difference schemes employed in the non-steady case, space discretization
leads to an expression similar to . The only difference is that we do not have time dependence. Therefore,
after space discretization, we do not have a system of ordinary differential equations like @, but we get
directly the nonlinear algebraic system

F(u) = A(u)u — b(u) + G(u) — s =0. (24)

We can then introduce the lagging iteration: with F(u) as in , the new iterate u(**1) of the lagged
iteration is given by the solution of the weakly nonlinear system

F,(u) = Au™)u —bu™) + G(u) — s = 0. (25)

If A(w) is nonsingular, system can be solved approximately by a convergent iterative method and the
lagged iterate is accepted when the residual

F,(u" ™) = Au)u®Y — b(u™) + Gu*) — s (26)

satisfies a stopping criterion
P D) < e, (27)

where ¢, is a given tolerance such that ¢, — 0 for v — oo.
Conditions of monotonicity and convergence in stationary case can be found proceeding as done in
Theorems 2] and Bl

5 Solution process

In this section we analyze more in detail the solution process. In this regard, we describe inner and outer
solvers and how to set their initialization and stopping criteria efficiently.

As described in Section at each LDM iteration we must solve the weakly nonlinear system , which
we do approximately by an iterative procedure that is stopped when the lagged acceptability condition
is satisfied. We choose to solve by the simplified Newton’s method [12] p. 182]. We are thus left with
three solution levels at each time step:

15



1. we use the lagged diffusivity method to linearize the nonlinear algebraic systems ;

2. we use the simplified Newton’s method to solve the weakly nonlinear algebraic system (16 arising at
each lagged iteration. The method is stopped when the lagged acceptability condition ([18) is satisfied;

3. we use an iterative linear solver to solve the linear system arising at each simplified Newton’s iteration.
In the following, the tolerance of the linear solver is chosen so that is solved by an inexact Newton’s
method [ [5].

Having already described the lagged diffusivity method in Section let us proceed to the analysis of the
solution of the weakly nonlinear system .

5.1 Solution of the weakly nonlinear system

Let us introduce a second superscript k to account for the Newton iteration. Thus, u(*T1* 1) denotes u at
the (k 4+ 1)-th simplified Newton iteration of the (v + 1)-th lagged iteration. Choosing as starting vector the
solution at the previous lagged iteration, w(), the (k 4 1)-th simplified Newton iteration, k = 0, 1,..., of the
(v + 1)-th lagged iteration consists in finding Au(FT1) = q(+1A+1) _ (»+1.%) golution of the linear system

F'(u")Au = —F, (w19, (28)

with

F(u") =1+ 1A@") + 76" (u™) (29)
Jacobian matrix of F,(u) evaluated at u®+19) = u() and G'(u®)) Jacobian matrix of G(u). Remembering
that the criterion of acceptability of the lagged iteration is given by with Fl,(u(”“)) as in 7 the
simplified Newton iteration is stopped when || F,, (u+1E+D)|| < ¢, is satisfied. Denoting by kepng the number
of Newton iterations needed for satisfying the acceptability criterion , we define w1 = g +1kena)

More conveniently, we can rewrite by using the definition of Au(**t1) at lagging iteration v + 1 and
of F/(u™) in (29). Rearranging terms, we indeed find

F;(u(”))u(”ﬂ””l) = {I + TA(u(V))] wVThR) 4 TG’(u(”))u(”H’k) - F,(u(”ﬂ’k)).

Then, replacing Fl,(u(”“’k)) by its definition in and canceling out opposite terms, we find that at the
(k + 1)-th simplified Newton iteration, k = 0,1, ..., w(VT1F+1) g the solution of the linear system

Fl(u)u = 7G (u)u T80 — 7G(uH9)) 4 7b(u)) +w, k=0,1,.... (30)

Thus, now we have to solve a linear system at each Newton iteration. This can be done approximately
by an iterative method. This helps increasing the computational efficiency, especially in case of systems of
large dimensions. Let us then introduce a third superscript j. At the (j + 1)-th iteration of the linear solver,
j=0,1,..., we have a residual r;; given by

ri1 = F (u)ul0) - 7G (w)uHH0 4 rQu R — rh(u®)) — w, (31)

where w1 = 4 +1LE+LI+1) denotes the solution of at the (j + 1)-th linear iteration of the (k + 1)-th
Newton iteration of the (v + 1)-th lagged iteration. In the following, the starting vector of the linear iterative
solver is given by the solution of the previous simplified Newton iteration, i.e. w(*+1F+10) = g (v+1k)

Choosing a suitable stopping condition of the linear solver, we can set up an inexact Newton procedure.
In this regard, we choose a forcing term &, 0 < & < 1, and define the tolerance é**1) of the linear solver at
the (k + 1)-th Newton iteration as

e = 5| P, (). (32)
We then stop the linear solver when the norm of 7,41, j = 0,1, ..., satisfies
7]l < €FFY. (33)
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Denoting by jenq the number of iterations needed to the linear solver for satisfying the stopping condition
([33), we define w(H1k+1) = q(v+Lk+Ljena),

Finally, we provide a few operative remarks on the choice of the arbitrary parameters of the procedure.
The choice of the prescribed tolerance € is connected to the desired accuracy, as we can observe that the
value of the final residual is ultimately related to it. Regarding ey and &, values excessively small or large
may reduce efficiency, but their choice is, nonetheless, not problematic. In all our experiments, we fixed
€0 = 6 =0.1.

5.2 A correction of the initialization of starting vectors

Starting vectors and stopping criteria of the used iterative procedures can be summarized as follows:

Method Starting vector Tolerance
'd )\ 4 N\ ( )\
Lagged diffusivity method w® — 4n €
A J A" J A" J
'd \ 4 N\ ( ~\
Simplified Newton’s method w10 — 4, @) €1 = %eu
(& S A / . v
4 N\ 4 N\ 4 N\
Iterative linear solver yPHLEFL0) — g, (v 1K) ekt — 5| F, (uT1R))
A\ A | v A\ A

The starting vectors determine also the initialization of tolerances. For instance, at the first Newton
iteration of the (v + 1)-th lagged iteration, the tolerance of the linear solver is é) = || F, (u+19)|| =
6| F,(u™)||. We can also easily notice that all tolerances are initialized at &||Fo(u®)| = &||F(u?)|| = ¢
at the first lagged iteration.

If we do not apply any correction, however, it can happen that the initial tolerance of the linear solver,
6(1)7 become smaller than e, [11, Sec. 5.2]. Being €,41 the tolerance of the simplified Newton’s method,
¢ would thus be smaller than what could possibly be required by an inexact Newton’s method, leading to
an increase in computational cost with no foreseeable improvement to accuracy.

Then, we apply a correction on the initialization of the tolerance of the linear solver. In this way, we avoid
solving too exactly the linear system and we reduce computational cost and numerical difficulties. This can
be easily done by imposing &€, as the minimum tolerance of the linear solver. Following [T1], we thus set

e — max ((}||F,,(u(u))||,&ey+1) . (34)

6 Numerical experiments

In this section, we solve various problems by a Fortran implementation of the LDM. We are concerned with
how the method behaves with a nonlinear velocity term and we consider several possible choices of v:

Sy I e I (et i O o

(ln(t’l(ﬁ‘rQ))2
(35)

with ¢; and cs real constants. These choices represent different possible situations: indeed, ©; depends only
on u, V2 depends on u, x and y but it is constant in time, while v3 and v, depend on t as well. All these
choices evidently satisfy the initial smoothness assumptions (for u finite).
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We start our analysis by verifying the effectiveness of the lagged diffusivity method. In this regard, we
choose, for example, the following test problems:

Problem 1 u* = (1+z—1y)3t 0=04+0.5u g = 100e%5*
Problem 2 u* =2(t+ 1)[(z —0.5)* +(y —0.5)%] o¢=001+05u* g=>5uln(l+u).

Problem 1 represents a situation where on,;, and g are quite large, while in Problem 2 we have the opposite
situation. Also the monotonicity constant of g is smaller in this latter case. Thus, Problem 2 represents a
situation which is potentially more critical for the monotonicity of F(u) and for convergence.

Finally, it appears suitable to introduce also a test problem motivated by situations which could occur in
real-world applications. In this regard, consider, for instance, all those cases where velocity is produced by an
external force F'. This is, for example, the case of the Smoluchowski diffusion equation, which describes the
flow of ions dissolved in a liquid in presence of an electric field that pulls the ions in a given direction. In this
case, the velocity can be written as the quotient between the force of the field and a term ¢ (called viscous
drag, which accounts for the friction) and may be nonlinear (see, e.g., [I]). Conceptually similar situations
may arise also in chemical-mechanical frameworks. For instance, consider all those processes where the
material which is diffusing has a larger (or smaller) viscous drag and/or causes reactions that form substances
characterized by a higher friction. The velocity produced by the same force, thus, may be nonlinear with
concentration. Finally, we can find similar situations also in plastic compounding, which consists in mixing
additives to a molten polymer. If we add a plasticizer, the viscosity of the polymer is reduced. Thus, if the
polymer is mixed by applying a fixed force F', the velocity of the fluid is larger where the concentration of the
plasticizer is higher. The opposite situation may arise, on the other hand, if additives that increase viscosity
(e.g. fillers) are used.

Let us then build a test problem which can constitute a simplified model of these situations. Assume, that
a specie b is diffusing in a medium a. The starting concentration of b in the domain is zero and, as b diffuses,
the medium is mixed, with a velocity produced by an external force F'. Supposing that b has a large viscosity,
the parameter accounting for the viscous drag, n, will be larger where the concentration of b is higher. For
instance, assume that 7 increases quadratically as the concentration of b increases (in any case, it is easy
to modify the problem and consider different dependence laws). Then, calling 1 the value of 1 where the
concentration of b is zero, the velocity may be expressed as

1 1
By Uy= ——5 1%,
1 V2 o + R 2

1:770—&—/%2

with k > 0 and with F; and F5 representing the components of the force along the axes x and y, respectively.
Notice that we have here performed some simplifying assumptions, such as that Fj, F; are constant in the
points of the domain. If this does not hold true (like, for instance, in case of a mechanical mixing, where we
would likely have turbulences and we may stir the medium along a circumference) we can nonetheless adapt
the formulation by considering F} and F5 as dependent on z, y.

Then, we further assume that a reaction between b and the diffusion medium occurs and that its rate is
proportional to the concentration of b itself. Finally, we may consider a linear diffusivity, in accordance with
the formulation of common mass diffusivities and so to analyze also a case where only the velocity term is
nonlinear.

Fixing a solution (for instance, the same as that of Problem 1) and choosing some parameters, let us then
solve the test problem

C1

C2
=——4
2+ u?

- 2+ u?

Problem 3 ut = (142 —1y)3 o=1 g=2u 0

(%) 4.

For all problems, we choose the domain € to be the square [0, 1] x [0, 1], which we discretize by a uniform
grid of N x N points. We also set the initial time ¢y = 0, the final time ¢ = 1 and 6 = 0.5. When not
otherwise specified, we set N = 250 and At = 0.1.
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6.1 Verification of the method and analysis of the linear solvers

Let us solve the test problems considering all the forms of v introduced in with ¢; =c2 =1, a =0 and
different inner linear solvers: the Arithmetic Mean (AM) method [I7] with w = 1, the BiConjugate Gradient-
stabilized method with parameter [ (BiCGstab(l)) [19] and the GMRES method [I8]. The implementation of
the GMRES follows [7][p. 45], which uses Givens rotations and re-orthogonalization. We choose to consider
these solvers because, being v # 0, the coefficient matrix of the linear systems arising at each Newton
iteration cannot be symmetric, thus preventing the use of a conjugate gradient method. Depending on the
problem, the non-symmetry can then be more or less significant, and it is thus interesting to compare the
AM method, which is known to be well suited for solving strongly non-symmetric systems [16], and Krylov
solvers such as BiCGstab(l) and GMRES. Moreover, since we here aim especially at analyzing the behavior
of the algorithm, we do not apply any preconditioner. Preconditioning techniques can, nonetheless, be easily
employed if higher efficiency is required.

We stop the lagging iteration when €,,; < € = 10~%, while starting vectors and stopping criteria of all
the iterative procedures are chosen as described in Section [5| We also set a maximum number of Newton
iterations kpyax = 500 for each lagging iteration and a maximum number of linear iterations jmax = 10,000
for each Newton iteration.

The results are reported in Table [I| and are referred to the last time level, except for t;.;, which denotes
the whole time required to compute the solution from ¢y to t¢. By Vend, kend and jenqd we denote, respectively,
the total number of lagged, Newton and linear solver iterations at the last time level. Finally, resg denotes
the Euclidean norm of the initial residual, res denotes the Euclidean norm of the final residual and err;, and
erry denote the global error in [3(£2;) and in relative Euclidean norm respectively.

v  Lin. Solver resg res erry, errsy Vend kKend  Jend tiot
AM 91,961 1.42-107° 2.19-10~*% 1.04-10-%* 27 27 7,759 400.9

i} BiCG(1) 91,961 1.34-107° 2.19-10~* 1.04-10=* 27 27 1,119 61.6
' BiCG(2) 91,961 1.36-107° 2.19-10~* 1.04-10~* 27 27 511 585
BiCG(4) 91,961 1.30-107° 2.19-10"* 1.04-10=* 27 27 250  65.8
GMRES 91,961 1.39-10~* 2.19-107% 1.04-107* 27 27 1,762 1,460
AM 91,810 1.40-107° 1.85-10~* 8.78-107° 27 27 7,604 375.0

i} BiCG(1) 91,810 1.37-107° 1.85-10~* 8.78-107° 27 27 1,207 61.4
> BiCG(2) 91,810 1.32-107° 1.85-107* 878-107° 27 27 531 620
BiCG(4) 91,810 1.29-107° 1.85-10"% 8.78-107° 27 27 242  65.1
GMRES 91,810 1.38-10"* 1.85-107%* 8.78-107° 27 27 1,771 1,447
AM 91,795 1.60-107° 6.29-10~* 298.10"* 27 27 7,854 371.2

@ BiCG(1) 91,795 1.46-107° 6.29-10~* 298-10"* 27 27 1,244 685
¥ BiCG(2) 91,795 1.35-107° 6.29-107* 2.98-107* 27 27 585 757
BiCG(4) 91,795 1.32-107° 6.29-10~* 298-10* 27 27 289 728
GMRES 91,795 1.51-107% 6.29-107* 298-10"* 27 27 1,893 1,575
AM 91,814 1.36-10"® 1.09-10~% 5.15-107° 27 27 7,544 364.4

B4 BiCG(1) 91,814 1.36-107° 1.09-10~* 5.15-107°5 27 27 1,149 62.7

BiCG(2) 91,814 1.29-107® 1.09-10~* 5.15-107° 27 27 516 60.7

BiCG(4) 91,814 1.27-107®> 1.09-107% 5.15-107° 27 27 255 65.4

GMRES 91,814 1.36-10=* 1.09-10~*% 5.15-107° 27 27 1,667 1,380
Table 1: Linear solver comparison for variable v; results for different © for Problem 1 with o = 0.

We are able to compute the correct solution in all cases. Indeed, irrespective of the problem and of the
used inner linear solver, the algorithm always converges and global errors never exceed 1073, The choice of

19



v Lin. Solver resg res erry, erry Vend kend — Jend tiot
AM 7,510 1.85-10° 3.65-10~° 4.69-103 23 23 4,720 192.3

6 BiCG(1) 7,510 1.77-107° 3.65-107% 4.69-1072 23 23 1,754 114.4
' BiCG(2) 7,510 1.73-107° 3.65-107% 4.69-10~% 23 23 891  111.8
BiCG(4) 7,510 1.78-107° 3.65-107% 4.69-1073 23 23 458 1126
GMRES 7,510 1.92-107%* 3.65-107% 4.69-1073 23 23 2,307 1,677

AM 7,514 2.44-107° 5.21-107% 6.69-1072 23 23 5,307 227.6

o BiCG(1) 7,514 1.81-107% 5.21-107% 6.69-1073 23 23 1,842 100.1
2 BiCG(2) 7,514 1.82-107° 521-107% 6.69-1073 23 23 952  116.8
BiCG(4) 7,514 1.82-107° 5.21-107% 6.69-1072 23 23 461 120.0
GMRES 7,514 2.09-10* 521-107% 6.69-1073 23 23 2,345 1,672

AM 7,527 1.98-107* 7.15-107% 9.17-107% 23 23 8,595 297.9

o BiCG(1) 7,527 5.24-107°% 7.15-10=% 9.17-1073 23 23 3,458 121.3
5 BICG(2) 7,527 4.99-107° 7.15-107% 9.17-1073 23 23 1,717 1335
BiCG(4) 7,527 4.61-107° 7.15-107% 9.17-1072* 23 23 864  152.4
GMRES 7,527 7.75-10=* 7.15-107% 9.17-1073% 23 23 3,752 2,450

AM 7,508 1.96-107° 3.49-1073 4.48-10=% 23 23 5,245 2252

5 BiCG(1) 7,508 1.36-107° 3.49-1073 4.48-107% 23 23 2,435 112.0

BiCG(2) 7,508 1.71-107° 3.49-107% 4.48-1073% 23 23 1,100 119.2
BiCG(4) 7,508 1.68-107° 3.49-1073 4.48-107% 23 23 614  161.9
GMRES 7,508 2.17-107% 3.49-1073 448.-107% 23 23 2,958 2,113

Table 2: Linear solver comparison for variable v; results for different © for Problem 2 with o = 0.

Lin. Solver resg res erry, erry Vend Kend Jend tiot
AM 30,295 1.80-10°> 6.49-10~% 3.07-100% 25 25 22,186 1,078
BiCG( 30,295 1.76-107°> 6.49-10~% 3.07-107* 25 25 611 47.6

1)
BiCG(2) 30,295 1.75-107° 6.49-10~* 3.07-107* 25 25 317 48.5
BiCG(4) 30,295 1.73-107° 6.49-10~* 3.07-107* 25 25 148 52.2

GMRES 30,295 1.80-10~*% 6.49-10-% 3.07-107* 25 25 1,187 1,537

Table 3: Results for Problem & with various inner solvers

the linear solver is nonetheless important, as we can see looking at j.,q and at the total time t;,;. Indeed, we
see that the AM method requires many more iterations than the BiCGstab(l). Time t;,; is higher as well: for
instance, in Problem 1 when we use the BiCGstab(1) as linear solver, the LDM computes the solution in less
than one fifth of the time required when the AM is used. The difference is yet more remarkable for Problem
3. This had to be expected: indeed, setting ¢c; = co = 1, © remains quite small. Thus, the Jacobian is weakly
non-symmetric and the AM method is thus slower than the other analyzed linear solvers.
In the BiCGstab(l) method, we also notice that large values of [ lead to a reduction of the number of linear
iterations but not to a reduction of the computational time, which rather tends to increase for [ > 2. This is
due to the increased computational cost of each iteration of the BiCG-stab(l) method. Since the BiCGstab(1)
(which is equivalent to the Bi-CGSTAB in [22]) can efficiently solve all the analyzed problems, increasing [ is
thus not needed. In the following, we thus focus on the AM and on the BiCG-stab(1) methods.

Let us then see what happens as ¢; and ¢y are increased, leading to a more non-symmetric Jacobian
matrix. We restrict our analysis to choices of ¢; and ¢ which satisfy the condition h < 20min/Pmax Within
the discretization used in the above experiments. This condition, moreover, ensures that the AM method
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converges (see [I6]) since it implies that A(w) is an M-matrix.

For instance, let us consider Problem 1 (which is more suitable for this analysis, since o, is larger) and
v = v4. Taking into account that both v, and 0, attain larger values when t is small, it is easy to verify that
h < 20min/Dmax 1s satisfied if ¢; < 200 and ¢y < 96 at ¢ = 0. We thus consider these two values as thresholds
for the choice of ¢; and co. In Table [4] we report the results computed for different choices of ¢; and cs.

c1 ¢y Lin. Solver resg res erry erry Jend tiot

10 10 AM 91,829 1.33-107° 1.00-10~3 4.74-10~*% 6,935 297.4
BiCG(1) 91,829 9.60-107% 1.00-107% 4.74-107* 1,075 74.2

50 50 AM 91,903 1.32-107° 2.93-107% 1.39-1073 4,856 153.3
BiCG(1) 91,903 1.34-107° 2.93-107% 1.39-1073 2,041 126.0

190 90 AM 91,441 1.32-107°% 4.45-107* 2.10-107% 3,525 123.8
BiCG(1) 91,441 1.30-107° 4.45-1073 2.10-107% 2,957 128.1

50 05 AM 92,248 1.21-107°% 3.17-107* 1.50-107% 3,795 118.8
BiCG(1) 92,248 1.36-107° 3.17-107% 1.50-107% 2,625 147.4

.10—5 10-3 103
195 95 AM 91,454 1.31-10 4.49 - 10 2.12-10 3,438  111.2

BiCG(1) 91,454 1.09-107° 4.49-1073 2.12-107% 2,897 133.6

Table 4: Results for different choices of ¢; and ¢ for Problem 1 with © = ¥4 and a = 0.

We notice that, as expected, the AM method gets faster and faster as ¢; and ¢y increase, which is when
the Jacobian gets more non-symmetric. Even more, being v variable and dependent on ¢, the non-symmetry
of the Jacobian vary at different time levels. As mentioned above, with © = ©4 the Jacobian gets less
non-symmetric at ¢ increases, since t damps the values of v. So, we expect the AM method to become less
efficient as t increases. Eventually, when ¢ is large, the BiCGstab(1) should become competitive also when ¢;
and co are large. In order to confirm this, let us then see what happens for different choices of ¢; and c3. The
results are reported in Table [f [6] and [7] and represented in Figures and

Computational time at different time levels
Lin. Solver | 0.1 0.2 03 04 05 06 07 08 09 1.0
AM 29.3 323 351 364 35.6 382 382 37.8 40.2 41.1
BiCG(1) 42 51 53 60 61 63 73 75 72 1.7

Table 5: Computational time at different time levels. Problem 1 with ¢y =c2 =1, ¥ = 94 and o = 0.

Computational time at different time levels
Lin. Solver | 0.1 0.2 03 04 05 06 07 08 09 1.0
AM 45 52 71 9.0 101 124 145 173 18.5 20.1
BiCG(1) 85 10.1 11.5 158 153 17.2 169 183 16.4 17.2

Table 6: Computational time at different time levels. Problem 1 with ¢; = 50, c2 =95, v = v4 and a = 0.

In Table 5] and in Figure [I] we consider a weakly non-symmetric case, where we set ¢; = co = 1. In this
case, the Jacobian is always almost symmetric and the BiCG-stab is evidently faster at any time level.

In Table 6] and in Figure [2] we instead set ¢; = 50 and ¢ = 95. Non-symmetry is thus much more relevant,
and we see that at the beginning the algorithm using the AM as linear solver is twice as fast as the one using
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Computational time at different time levels

Lin. Solver

01 02 03 04 05 06 07 08 09 1.0

AM
BiCG(1)

43 49 71 96 113 115 128 14.8 163 185
96 89 98 11.8 134 131 159 16.1 158 189

Table 7: Computational time at different time levels. Problem 1 with ¢ = 195, co = 95, ¥ = ¥4 and a = 0.

the BiCG-stab(1). However, the difference gets smaller as ¢ increases, until, for ¢ > 0.8, the BiCG-stab(1)
prevails. The total time required for computing the solution from ¢ = 0 to ¢ = 1 is however smaller when
using the AM method, as already seen in Table[d Choosing t =1 as final time, the AM thus prevails.

This is even more true for the case ¢; = 195 and c¢2 = 95, whose results are reported in Table[7] and in
Figure [3| Here the AM method tends to be faster also at terminal time levels.
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6.2 Effect of discretization, o and initialization of linear solver and tolerances

We complete the analysis of the algorithm by summarizing some results that show what happens varying the
discretization, changing the initialization and/or stopping criteria of the linear solvers and when « is different
from zero.

In the following, when not otherwise specified, we consider Problem 1 with © = ¥4, ¢c; = c3 =50, a =0
and we again set N = 250 and At = 0.1. With this choice, the Jacobian presents a significant non-symmetry,
which, however, is not so big as to make the AM method more efficient than the BiCGstab(l), as we can see
in Table |4l The following results have thus been obtained using the BiCGstab(1) as inner linear solver.

Let us start by considering the liner solver itself and see what happens if we modify initializations and
stopping criteria. The results are reported in Table 8| In the second column of the table, we declare which
initialization of the stopping criterion of the linear solver is used. No bound on é*t1) denotes that we are
using to define the tolerance of the linear solver at the first Newton iteration, while é**t1 > e,
indicates that we are using the tolerance in . Finally, é5+1) > € denotes an intermediate case, where
the bound on the tolerance of the linear solver at the first Newton iteration is given in a non-dynamical way
by using €.

wFLEFLO) Bound on stop Jend res erry, erry rel.
No bound on é*+1) 36,842 9.67-10"°% 2.93-10"3 1.39-103
0 ekt > 5e/2 35,127 4.63-107% 2.93-1073 1.39-10"°

ekt > ge, 1 32,230 1.33-107° 2.93-1073 1.39-1073

No bound on ¢**tD 3840 3.14-107% 2.93.-1073 1.39-103
w1k ekt > 5€/2 3,393 2.03-107% 293-107% 1.39.1073
eFt) > e, 2,041 1.34-107° 293-1073 1.39-107°

Table 8: Effect of starting vectors and stopping criterion of the linear solver

Global errors do not change in all analyzed cases: indeed, some differences could be spotted only if we
considered two more decimal digits. However, different choices of initializations and stopping criteria deeply
influence the efficiency of the algorithm, here represented by the total number on linear iterations required to
compute the solution at the last time level, je,q. Indeed, since we use always the same linear solver, je,q is a
better indicator than, e.g., t;o;, which is less reproducible.

We notice that jenq is ten times larger when the starting vector of the linear solver is initialized by zero
instead of by the solution at the previous Newton iteration, w(***). This is consistent with what happens
for constant ¥ and also with what we expected: indeed, the choice w1k +1.0) = ¢ (*+1.5) was made in order
to choose a starting vector closer to the solution.

Analogously, we notice that we achieve a consistent reduction of the computational cost with no loss in
accuracy if we apply the initialization of the tolerance of the linear solver described in Section [5.2] Indeed,
Jend is reduced by about 20% when uw(*+15+1.0) = 0 and by almost 50% when w®T1F+1.0) = o (*+1.F) ith
no increase of global errors.

Passing to the analysis of the discretization, let us set w(*T1F+1.0) = 4(*+1.8) and F+1D > 5¢, | and let
us change the number N of points in which the space domain is discretized. In this regard, we also note
that, since ¢; = ¢o = 50, the condition h < 20min/Omax holds only for N > 104. We get the results in Table
[ where EOC denotes the experimental order of convergence.

We notice that global errors decrease as IV increases. On the other hand, also the initial residual resg
increases, leading to higher number of lagged iterations and, thus, of linear iterations, with j.,q that roughly
doubles when N is doubled. The increase in computational times is, then, steeper, since increasing N
means increasing also the order of all the matrices involved, thus making the entire solution process more
complicated.

Passing to time discretization, Table [10| reports the results obtained as At is varied.
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N resg res erry, erry rel. EOC  vepng kend  Jend tiot

125 16,668 1.58-107° 5.80-10~% 2.77-1073 098 24 24 1,019 271
250 91,903 1.34-107° 293-107% 1.39-1073 0.99 27 27 2,041 126.0
500 514,995 1.67-107°> 1.47-1073% 6.93-10~* - 29 29 4,717 840.6

Table 9: Effect of space discretization

At resy res erry erry rel. Vend Kend  Jend tiast tiot
2.10"T 332,033 1.18-10° 2.94-10~3 1.39-107° 29 29 2,325 15.37 65.78
10! 91,903 1.34-107° 2.93-107% 1.39.1073 27 27 2,041 13.17 126.0
1072 1,000 1.55-107® 1.97-1073 9.33.10* 20 20 1,207 8.84 715.4
1073 10.18 9.40-107% 4.22-10* 2.00-10~* 14 14 160 1.90 1,686.0
Table 10: Effect of time discretization

Also in this case, global errors decrease as At is reduced. Moreover also resg decreases with At, implying
that also the times required for computing the solution at each time level get smaller (e.g. see t45¢, which
refers to the time needed for computing the solution at the last time level). However, a smaller At implies
that we also need more time levels in order to compute the solution from ¢y to ty. Thus, the total time
tior increases as At is reduced. However, we cannot arbitrarily increase the size of the time step, since
the conditions in Theorems [1| and [2 are eventually not satisfied for excessively large time steps (if A is not
increased as well).

For completeness, we finally see what happens when « is not zero. The results are reported in Table

« resg res erry, erry rel. Vend kend — Jend

0 332,033 1.18-107° 294-10=% 1.39-107° 29 29 2,325

10 91,908 1.34-107°% 2.78-107% 1.31-1073 27 27 2,030

100 91,952 1.15-107° 1.87-107% 8.86-107* 27 27 1,860

22 4 92 91,904 1.06-107° 292-10=% 1.38-1073 27 27 2,133
10/(1072 + 2 +y)? 92,079 1.32-107° 2.34-107% 1.11-1073 27 27 1,438
logQ(alc2 +vy) 91,904 1.34-107° 289.10=% 1.37-1073% 27 27 2,105

Table 11: Results for o # 0

We see that a does not have a significant effect on the results, as we expected: indeed, it only acts on the
diagonal elements, strengthening (due to its sign) the diagonal dominance of A(u). The first three rows of
Table [11| show that, however, a larger o can have the effect of reducing the complexity of the problem (since
Jena decreases as « increases) and, possibly, also the global errors. This happens also when « is variable: e.g.
a=10/(1073 + z + y)? leads to a € [10%,4.998] in the domain we are considering and j,q is smaller than in
the cases where « is smaller. However, when « is variable it is harder to evaluate the effect of « itself, since
its value can vary consistently in different parts of the domain.

6.3 Discretization of the convective term and convection-dominated problems

Up to now, we have considered the solution of systems arising from space discretizations where the convective
term is discretized by central finite differences. This choice is convenient in the analysis of the algorithm and
it also makes so that we have the discretization of the convective term has the same order of accuracy as
the discretization of the diffusion term (i.e., O(h?)). However, as remarked in Section 2.1, it also has the
shortcoming that A(w) is an M-matrix only if h satisfies . Evidently, satisfying this condition requires
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smaller and smaller values of h as the problem gets more convection-dominated, with important consequences
on the convergence theorems. Moreover, in convection-dominated problems, it is especially desirable that
A(u) be an M-matrix so to be able to use the AM method, which, as seen in the previous subsections, is
particularly well-suited to solve systems with non-symmetric matrices.

Considering other discretizations of the convective term, it is nonetheless easy to notice that A(w) is
an M-matrix for any choice of h if we instead employ the upwind discretization, at the cost, however, of
reducing the order of accuracy to O(h). Thus, we here consider this alternative discretization in order to show
numerically its behavior and to provide an useful framework for convection-dominated problems. Further
information on this case (referred to the case of constant velocity term) can be also found in [I0].

Let us then consider, for instance, Problem 1 with v = v4. In Table we report the results obtained
with different discretizations as the value of ¢; and ¢g increases. Observe that, in all analyzed cases, condition
is not respected, as ¢; and ¢z exceed the threshold values reported in Section 6.1 (which are 200 and 96,

respectively).

c1,Co Discretization Lin. Solver resg res erry errs rel. Jend tiot
AM - - - - - -
Contral Fp BICG(L) 93,250 1.32-107° 5.06-107° 2401077 6,213  435.2
BiCG(2) 93,250 1.26-107° 5.06-1073 2.40-10~% 1,751 184.3
500, 500 BiCG(4) 93,250 1.36-107° 5.06-1073 240-10~% 762 181.6
’ AM 100,015 1.42-107° 6.17-1073 2.92-107% 1,546 82.6
Unwind BiCG(1) 100,015 1.37-107° 6.17-1073 2.92-107% 2,322 110.4
P BiCG(2) 100,015 1.43-107° 6.17-1073 2.92-10~% 1,012 110.4
BiCG(4) 100,015 1.27-107° 6.17-107% 2.92-107% 481 1155
AM - - - - _ _
BiCG(1) - - - - - -
Central FD [
entra BiCG(2) 103,953 1.24-10~° 547-10~3 2.59.10~3 1,761 179.1
: . 10-5 .10-3 . 10-3
2000, 2000 BiCG(4) 103,953 1.16-107° 5.47-1073 2.59-10 773 1782
AM 129,319  1.63-107° 6.56-1073 3.11-107% 914  72.1
Unwind BiCG(1) 129,319 7.63-10"% 6.56-107% 3.11-107% 2,131 117.7
P BiCG(2) 129,319 1.39-107° 6.56-107% 3.11-107% 874  103.2
BiCG(4) 129,319 7.03-107% 6.56-10"3 3.11-1073 463  116.7
AM - - - - - -
BiCG(1) - - - - _ .
tral FD
Centra BiCG(2) - - - - - -
50000, 50000 BiCG(4) ) ) ) ) - )
AM 1.35-10% 1.12-10=® 6.71-1073 3.18-107% 1,122 78.6
Unwind BiCG(1) 1.35-10° 1.07-107° 6.71-1073 3.18-107% 2,558 131.9
P BiCG(2) 1.35-10° 1.19-107° 6.71-107% 3.18-107% 1,142 111.7
BiCG(4) 1.35-10° 8.60-10~% 6.71-107% 3.18-107% 548 133.5

Table 12: Comparison of discretizations by finite differences and upwind scheme for Problem 1 with © = 4.

As we expected, the algorithms employing central finite differences on the convective term incur in

difficulties as convection becomes more dominant.

The AM method, in particular, immediately fails.

Algorithms using BiCGstab(l) method work better (especially when [ is quite large), but they ultimately
fail as convection becomes more dominant. Moreover, also when they work, they are less efficient than the
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corresponding algorithm employing the upwind discretization. On the other hand, if the discretization is
performed by an upwind scheme, the AM method always converges without presenting any problem (on the
contrary, the algorithm gets faster with larger values of ©). This was to be expected, since the Jacobian is
now an M-matrix, as required by the convergence of the AM method.

7 Conclusions

We have presented an iterative procedure which solves nonlinear steady and non-steady reaction-convection-
diffusion equations with a variable velocity term. We have discretized the partial differential problems and
proved that the LDM applied to the resulting nonlinear algebraic systems converges when some assumptions
are satisfied. In this context, we have also studied the uniform monotonicity of the finite-difference operator,
which is crucial for the uniqueness of the solution and for the convergence of the LDM itself.

We have then described the solution of the weakly-nonlinear algebraic systems generated by the LDM
and provided some details over the implementation of the entire procedure.

Finally, we have provided several numerical experiments showing the behavior of the LDM in a variety of
situations. We have showed that the LDM can successfully compute the solution of all the considered test
problems. We have also pointed out that the choice of the linear inner solver affects the efficiency of the
method: indeed, the fastest linear solver depends on the non-symmetry of the coefficient matrix of the linear
system, which, in turn, is determined by the velocity term v. We have then showed that efficiency is affected
also by other factors, including the refinement of the discretization and the choice of starting vectors and
stopping criteria.
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A The algorithm

Algorithm 1 Lagged diffusivity procedure

Require: initial condition u|y in ¢ = 0; a tolerance €
1: forn=1,2,...do

2. Initialize solution vector for lagged iteration: u(® = wl,_,
3. Initialize lagged tol.: €; = o/ F(u(®)||
4: forv=0,1,...do
5: Initialize linear solver tol.: é!) = max (& HFl,(u(”))H 7&€V+1)
6: for k=0,1,... do
7 for 7=0,1,... do
8: Compute (j + 1)-th iterate u(**+1++17+1) for solving
9: Compute residual r;4; as in
10: if ||rj41] < é**+Y then return
11: j=j+1
12: end for
13: Compute Newton residual F,, (u®+1:++1))
14: if HF,,(u(”“‘l’k“))H < €,41 then return
15: Update linear solver tol.: ék+) = g || F,, (u(v+1E+D) ||
16: k =k+1
17: end for
18: Update vectors and matrices: find F, i (u*+1)
19: v=v+1
20: €v+1 = 0.5¢,
21: if €,41 < € then return

22:  end for
23: n=n+1
24: end for

Time step

Lagged iteration

Simpl. Newton iteration
Linear solver iteration
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